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ABSTRACT

This independent study aims to examine some factors and features of
road deaths during the New Year festival in Thailand. Machine learning technique is
applied in order to analyse data using Decision tree and Naive Bayes for supervised
learning and K — mean for unsupervised learning.

The results of decision tree indicate that the accuracy of the model is
98.6766% and the efficiency is 0.984. For Naive Bayes, the accuracy of model is
98.6500% and the efficiency is 0.982. Regarding K — mean, the accuracy of people
who died during the New Year festival is 56%. K — mean divided people into two
groups which are male and female with the different characteristics of age, drinking
and party vehicle. The results of this research can be used as a guideline for issuing
measure to reduce the loss of life and property caused by accidents during the New
Year festival such as anti-drunk driving campaign, and Basic First Aid knowledge.

Keywords: Machine learning , Accident , Death , Predictive Model
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2.2.4.3 Cross-validation Test
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